INTRODUCTION
Small businesses in some sectors (e.g., service) are frequently organized as partnerships. These businesses are formed by a few partners, who contribute money, property, labor, and/ or skills and receive a share of ownership. In general, they have very limited access to credit and most of their resources for investment are raised internally. Although partnerships are important in the economy, not much is known about their organization. A recent article by Espino, Kozlowski, and Sánchez (2014; EKS hereafter) attempts to fill this gap by presenting a theory of small business partnerships. They study incentive problems between partners and how these problems affect investment and ownership of small business partnerships. In this article, we analyze empirical evidence on small business partnerships to evaluate the main predictions of EKS's theory.
The theory has three main features that make it suitable for studying small business partnerships. First, it assumes each firm is owned by two partners. This assumption is appealing because, as noted below, the great majority of partnerships have only two owners. Second, firms use physical capital (e.g., equipment, software, and structures) to generate income, and all investment must be obtained from retained earnings (i.e., there is no access to external
The authors study the internal organization of small business partnerships and focus on the number of owners and ownership structure and the dynamics of these variables. They find that partnerships tend to have a small number of owners with equal distribution of ownership shares. Moreover, while partnerships with equally distributed shares tend to keep this distribution constant, those with unequally distributed shares tend to move toward more equal distribution over time. The authors highlight that these facts are in line with the theory of private information in small business partnerships proposed by Espino, Kozlowski, and Sánchez (2014) . (JEL D82, D86, D92, G32) instance, with four owners, even equal shares of ownership (25 percent each) might not provide enough incentive to deter cheating. In such a case, the provision of incentives dictates that the shares of some will converge to zero.
In this article, we find several facts in line with EKS's testable predictions. First, most start-ups have only a few owners: About 50 percent have one, 30 percent have two, and only 20 percent have three or more. This fact is robust across the different data sources and countries considered. Second, firms usually start by splitting ownership shares equally across partners. About 70 percent of two-owner start-ups have approximately equal shares (i.e., about 50 percent per owner) and 30 percent of three-owner start-ups have approximately equal shares (i.e., about 33 percent per owner). As the number of owners increases, the share of partnerships with equally distributed shares decreases. Third, start-ups with equally distributed shares change their ownership structure less frequently than those with unequally distributed shares. Fourth, the probability of equally shared ownership changes during the life cycle of partnerships. In particular, for privately owned firms, the probability increases with firm age significantly more for non-family-owned firms than for family-owned firms. Last, in countries with access to better monitoring technologies or better corporate transparency, which can potentially alleviate informational frictions, the number of owners in the partnership decreases more slowly with firm age.
RELATED LITERATURE
Models of business partnerships focus on the formation of partnerships and use static models. Some papers study the choice between partnerships and corporations (e.g., Kaya and Vereshchagina, 2014, and Levin and Tadelis, 2005) . Other papers study how the initial ownership structure affects the provision of incentives (e.g., Bolton and Von Thadden, 1998, and Vereshchagina, 2013) . Many papers use data to check the predictions of these private information models and provide evidence in favor of the main features of the EKS model. Lang and Gordon (1995) , for example, analyze data from law partnerships and find significant evidence that firms adopt compensation mechanisms that trade off incentives for risk spreading. Similarly, Gaynor and Gertler (1995) analyze data on partnerships of medical group practices and provide evidence that partnerships form to spread risk due to uncertainty. They show the trade-off between risk sharing and moral hazard in partnerships. Gaynor and Gertler (1995) argue that compensation arrangements with greater degrees of revenue sharing significantly reduce physician effort. Both papers consider a simple static model and have no predictions about the dynamics and investment in partnerships, which is the focus of EKS. Encinosa, Gaynor, and Rebitzer (2007) use a dataset with information about medical practices and report that the fraction of practices with equal shares falls as the number of owners increases-facts in line with the EKS theory: 54.2 percent of practices with three to five physicians, 42 percent of practices with six to seven physicians, and roughly 20 to 30 percent on average of larger practices have equal ownership shares.
The rest of the article is organized as follows. Section 3 describes partnerships at the aggregate level and the datasets used in the empirical analysis. Section 4 analyzes the cross section of partnerships, while Section 5 shows the dynamics of the ownership structure with firm age. Section 6 studies the role of private information. Section 7 concludes the article.
THE DATA ON PARTNERSHIPS
We start by studying the types of U.S. businesses. A firm's legal status can be a sole proprietorship, a partnership, or a corporation. The optimal decision varies across sectors, but partnerships account for 27 percent of the net income generated by all U.S. businesses. Table 1 shows that in some industries, such as legal services, partnerships can account for as much as 65 percent of net income. Overall, in industries where the optimal scale is a small firm, businesses tend to be partnerships. In the rest of the article, we focus on the organization of small private firms and partnerships.
Firm-Level Datasets
To analyze the ownership structure of small businesses, we complement empirical evidence from three alternative firm-level datasets: the Kauffman Firm Survey (KFS), the 2003 Survey of Small Business Finances (SSBF), and the CAF Survey (CAF).
The KFS panel dataset has followed 4,928 businesses that started in 2004 and followed them for four years. This dataset is interesting because it studies small businesses when they start, so restricting our sample to small businesses does not necessarily imply that unsuccessful businesses are oversampled. Another key advantage of this dataset is that it follows businesses over time, allowing us to study partnership dynamics.
The SSBF dataset is interesting because it is a large sample with potentially widely varying firm types and ages (e.g., start-ups as well as 50-year-old firms) and it contains many questions about the firms (e.g., "Is the firm a family firm?"). We use this information to compare ownership across firms of different ages and ownership types (family vs. private). Finally, the CAF dataset is, a priori, very different from the other two because the survey interviewed individuals in many countries in Latin America and the United States. We analyze the responses of households that reported owning a business. Information about the business is limited, however. For instance, there is no information about ownership structure. Nevertheless, the data allow us to compare the behavior of firms in different countries exposed to different degrees of private information.
CROSS SECTION OF PARTNERSHIP STRUCTURES
In this section we study the number of owners and the distribution of shares in a cross section of partnerships.
How Many Owners Does a Partnership Have?
The first column of Table 2 shows that, according to the KFS, most starting businesses have very few partners: 60 percent have only one owner, almost 30 percent have two owners, and about 6 percent have three owners. It is interesting that most of the partnerships have at most three partners, because the theory presented in Section 2 predicts that partners with small shares will have more incentive to cheat and misreport liquidity needs. Therefore, it seems optimal to have a small number of owners to prevent problems related to private information.
In the KFS, the distribution of ownership shares across partners is also very peculiar. We define "equal shares," that is, in the too-big-to-cheat region, as two-owner and three-owner firms having shares lying in [50 × 0.95, 50 × than 70 percent of two-owner partnerships have approximately equally distributed ownership shares. This pattern is interesting because theory predicts that the incidence of private information tends to be minimized with two-owner partnerships. In a three-owner partnership, it is difficult for each owner to be too big to cheat. Consistent with EKS (2014), only a few threeowner partnerships, although still a significant number, have approximately equally distributed ownership shares. Next, we describe small U.S. businesses in the SSBF. Table 2 shows that, despite large differences across surveys, the fractions of firms in the SSBF (second column) with one, two, or three owners is similar to those in the KFS (first column). About 50 percent of the firms have one owner, slightly more than 30 percent have two owners, and about 7.5 percent have three owners. The similarity between the data in KFS and SSBF regarding the share of firms with approximately equally distributed ownership is even more striking. For example, for twoowner businesses, those shares are 71 percent for the KFS and 70 percent for the SSBF.
Finally, the last column of Table 2 describes small businesses in the CAF. Although this dataset is very different from the previous two, the fractions of firms with one, two, or three owners are similar to those in the KFS and SSBF. The key message is that although the firms in the three datasets differ, the distribution of firms by number of owners is strikingly similar.
The findings presented in Table 2 are replicated in other studies. For instance, Vereshchagina (2013) documents very similar patterns using the KFS. Interestingly, as noted earlier, Encinosa, Gaynor, and Rebitzer (2007) use a more specific dataset on medical practices and report that the fraction of practices with equal shares falls from 54.2 percent in practices with three to five physicians, to 42 percent in practices with six to seven physicians, to roughly 20 to 30 percent on average for larger practices.
The Equal Distribution of Ownership Shares
Using the KFS, we study ownership distribution in more detail. First, Figure 1 shows the distribution of businesses by number of owners. As described in Table 2 , the fraction of firms decreases steeply with the number of owners, and most of the partnerships have three or fewer owners.
Next, we define the junior partner as the owner with the smallest share (i.e., less or equal to 100/N percent, where N is the number of owners). Figures 2 and 3 show the distribution of ownership shares for the junior partner conditional on two-owner and three-owner partnerships, respectively. In many of these businesses, the junior partner shares are close to the upper bound of equal distribution (i.e., 50 and 33 percent, respectively). That is, the shares are close to equally distributed.
DYNAMICS OF THE OWNERSHIP STRUCTURE
The second prediction in EKS (2014) is that, under private information, ownership shares change more frequently when firm ownership is unequally distributed. This change occurs because equally owned partnerships may not need to change the ownership structure to provide the incentive not to cheat. Hence, if private information is actually the reason for the high occurrence of equally distributed ownership documented in Section 4, we should observe different ownership dynamics for those partnerships. Since the observed fluctuations in ownership shares may occur for reasons not included in the EKS model, the emphasis here is not on ownership changes per se but on the differences between changes in ownership shares among partnerships with varying ownership structures (equal vs. unequal).
Using the KFS, we compute the change in the ownership share of one of the partners over consecutive years. The results are striking. Figure 4 shows that although 88 percent of two-year-old partnerships started with equally distributed ownership and did not change ownership structure (right panel), only 39 percent of those that started with an unequally distributed ownership structure remained unchanged (left panel). These findings suggest that the current ownership structure is indeed an important determinant of the frequency of changes in ownership structure. EKS (2014) provide a rationale for this finding. They argue that if all owners have a sufficiently large share in the partnership, which is more likely if shares are approximately equally distributed, fluctuations in ownership shares may not be required to discourage cheating.
Another possibility is that there are observable differences between equal and unequal partnerships that may account for the dissimilarity in the dynamics of the ownership structure. To test whether observable differences can account for this dissimilarity, Table 3 uses the KFS to study the percentage of partnerships with an unchanged ownership structure across different characteristics, such as firm age, number of owners, legal status, profitability, and the number of employees. Indeed, Table 3 shows that observable differences between equal and unequal partnerships cannot account for the dissimilarity in the dynamics of the ownership structure. In order to study the robustness of this finding, we estimate the following regression:
(1)
where CHANGE i is a dummy variable that takes the value 1 if the share of one partner changes and 0 otherwise; TBTC i is a dummy variable that takes the value 1 if the partnership is "equally owned" (i.e., in the too-big-to-cheat region) and 0 otherwise; and X i are different characteristics of the partnership used as controls. We are interested in the sign of b 1 . A negative value implies that an equally distributed partnership decreases the probability of changing ownership shares. Table 4 shows the results of estimating equation (1) as a linear probability model. 2 The different columns show alternative subsamples. The differences between the dynamics of partnerships with equally and unequally distributed ownership structures are robust. In column (1), the sample is restricted to two-owner partnerships. The coefficient in "equally owned" implies a 70-percentage-point lower probability of an equally owned partnership changing to an unequally owned partnership. As shown in columns (3) and (4), the results are similar, although slightly smaller, for all start-ups with two or three owners, that is, not only firms legally classified as partnerships.
A ROLE FOR PRIVATE INFORMATION?
In this section we study more directly the role of private information in predicting the features described above. First, we compare private family-owned and non-family-owned firms, arguing that family firms may be subject to less private information. Then, we compare partnerships in different countries and use an index of corporate transparency to measure the degree of private information in which firms operate. 
Convergence to an Equally Owned Partnership
The third prediction in EKS (2014) is that, under private information, the distribution of ownership shares moves toward either equal distribution of ownership or sole proprietorship. In contrast, under full information, ownership shares remain at the initial values. To test this prediction, we study how firms achieve equal ownership by taking advantage of the fact that family ties often serve as a second-best solution to the problem of private information. 3 We compare how the fraction of firms with ownership in the too-big-to-cheat region (i.e., with all ownership shares around 1/N, where N is the number of owners) changes with firm age. The theory predicts this faction will increase more for privately owned firms.
Using the SSBF, we estimate the probability of the firm ownership structure being in the too-big to-cheat region and look at a cross section of firms to see how this probability changes with firm age and between private non-family-owned and family-owned firms. 4 In this section, we redefine the too-big-to-cheat region as all three owners having shares between 0.33 × 0.975 and 0.33 × 1.025, which is stricter than our previous definition of equal shares. 5 To test these theoretical predictions, we address two questions. First, how does the probability of having equally distributed ownership change with age? Second, do family-owned firms behave differently from private non-family-owned firms? We estimate the probability using the following regression:
where PRIVATE i is a dummy variable that takes the value 1 if the firm is private non-family owned and 0 if it is family owned. The theory predicts that b 2 should be positive. That is, the probability of being in the too-big-to-cheat region increases with age more for private nonfamily-owned firms than for family-owned firms. Column (1) of Table 5 shows the estimation of equation (2) for three-owner partnerships. While the probability of being in the too-big-to-cheat region decreases slightly with age for family-owned firms, it increases significantly for private non-family-owned firms. The difference is exactly what the EKS theory predicts. Under private information, firms converge over time to the ownership structure that correctly aligns incentives. As column (2) shows, the results are similar for three-and four-owner firms. The results in columns (3) and (4) reproduce the regression including all firms, not only firms legally classified as partnerships. Although the coefficients are smaller, they are significant and have the same sign.
Cross-Country Evidence
The fourth prediction from EKS (2014) is that, if the information problems are more severe, the number of owners tends to decline more rapidly with age. To test this prediction we compare partnerships in different countries. Poorer countries have less corporate transparency and worse monitoring technologies. In fact, in the index of corporate transparency (CIFAR) constructed by Bushman, Piotroski, and Smith (2004) , the lowest value is for Brazil (about 50) and the highest is for the United Kingdom (about 80). We combine the data from Bushman, Piotroski, and Smith (2004) with the CAF. As noted, the CAF survey interviewed households in several countries in Latin America and in the United States. A subset of those households reported that they owned a business and were asked a few questions. In particular, they were asked the number of owners and the age of the business. The average number of owners is 1.6, and the average age of the business is rather young, 3.3 years. We use these data to compare how the number of owners in the partnership changes with corporate transparency. In particular, we study whether private information exacerbates the convergence of partnerships to sole proprietorships.
To isolate the effect of private information on the change in the number of owners, we regress the number of owners on (i) firm age and (ii) the interaction between firm age and the CIFAR; that is,
where N i is the number of owners. The theory predicts that b 2 will be positive; that is, as corporate transparency increases, we should observe that the number of owners decreases less with firm age. Table 6 presents the estimation of equation (3). The results in column (1) imply that in Brazil the number of owners decreases by 0.15 owners each year (i.e., 0.007 × 50 -0.5 ~ -0.15), while in the United States the number of owners is approximately constant across firm age (i.e., 0.007 × 70 -0.5 ~ 0). The other three columns confirm the results. In particular, columns (2) and (4) show that the results are not due to businesses with many owners-restricting the number of owners to less than four does not change the results. In addition, the results do not depend on outliers, since the results are very similar if we consider median regressions instead of ordinary least squares, as shown in column (3). 
CONCLUSION
We study the stylized facts on the organization of partnerships and compare the findings with a theory in which owners have private information about their liquidity needs (EKS, 2014) . Misreporting liquidity needs (cheating) hurts the partnership because it distorts investment decisions, which implies that partners with sufficiently large ownership shares do not have an incentive to cheat. The best way to give a large share to each partner is to have only a few partners with equal shares. Indeed, we show that, in the data, most start-ups have two or three owners and usually start with equally distributed ownership shares. As the number of owners increases, however, the share each partner owns decreases, exacerbating the problem of private information. In fact, an equally distributed ownership structure is less common in partnerships with more owners. If one of the partners has an incentive to cheat, for instance, because his ownership share is too small, the optimal contract prescribes decreasing that owner's shares to provide the incentive not to cheat. In the data, we find that partnerships with equally distributed shares, which according to the theory would be less affected by private information, changed their ownership structure less frequently than those with unequally distributed shares. In addition, family-owned firms and firms in countries with better corporate transparency behave more like firms that operate under full information than private nonfamily-owned firms and firms in countries with less corporate transparency, which behave more like firms that operate under private information. Overall, the findings suggest that private information may be important for shaping the organization of small business partnerships. n Table 6 Number of Owners, Firm Age, and Transparency 
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